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T =Y BE R 540 EA T T 1

KREWIFTERY, O 2 B 250 5 AN K2 %8
B A Py 0 A A A 2 TR 4% DNA A2 i DA K He 4 S or
ERmYIMK. NIk, =4EEENH G R AT T 4N AR
Pt R A B B+ R AR L Ak, R iRy
FAHAR (3C) BORE A R, 1 S Iy AR
M&a (Hi-C) |, W LABE ARG e = R AHVEE N Rk
MEAEHE . ETREOAMEIEHER, 7T H
Qe A R R G5 FLE A HH =4 =S Rl Z54 . TN R
T te IR A M E LR, IF B Ry
BHLHIAM I RERI BT S SE BEFE BY . H AT, BT Hi-C 5Ll
A BRI, o 20 ) = 24 5k DR 2 23 ey ) o e R 2 A K

B WX BH A 58 4 AR = 4E R R ZH 45 4 1 B AL 7 T2 A R
HRAL, JolRIT A T BT DU HE R AR R o 5 5
SEE Qe A PR RO . SR IR B A R A
O] «<AZERHFSTY  (Nucleic Acids Research) _F, Hif
BT 21 GEM Jy ikl «FERAHE A i 545
{Z B2 #» (Genomics, Proteomics & Bioinformatics, fi]
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B AT R A L LT CHAY FRINITEE
T b Y 5 ST B A R FISH %5 4fs 55 Hi-C % 4fs
WORFE B B4R T S5 B R . AE3%
Jrikh, BRSO = TEERBER: B A
FISH % 4fs A1 Hi-C R ds oK i 5E #4145 7 5 (TADs) {19
X A5 Rl A B 88—, A Hi-C B iy Ly 2921
LA Z2 A 26 W Wy BEAE BOR W € TADs NG S5#: 28

=, K R TREN G, MRS B R AN =

G

P="w I = N0}

YRR LM AL Z /TR R A, %7 3 2
T PRI R ZBEAR T — =, 2 — 28T AT
FM, %733 R LAE R A A e (AR B A SR IR A A
Z R A58 78 3 Ahmed Abbas, Xuan He, Jing Niu,
Bin Zhou, Guangxiang Zhu, Tszshan Ma, Jiangpeikun Song,
Juntao Gao, Michael Q. Zhang, Jianyang Zeng. "Integrating
Hi-C and FISH data for modeling of the 3D organization of

chromosomes", Nature Communications.
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FHAR AR T A0 LBl

A b AT 2 T1E 25 53 AT RS 9% R SR ) S
oy XTI, RAMENGERZ —HEAFIH
FOMEON, # e SO IE Y RN 5 43 B I\ T30
HSLRME T Z R 228 BT R ER SN, £
R SR T AT BT i DU 8 WAIE S5 (6 7E 3
MARFEENFE . BT BT ERS 8L
ARV 5 s, JEARESR, B AR AE < b A% Tt TR SR P b
SRR e 2B E AT T I R L g
J7 R ARBAETION 2A F ) BANE W %R AR T
R 3 I T MR AR, (RTRR AMS, LU ORI
AR BEAT BN TN 2= BB 5T 2 ) AMS SR
SRR EE BN — AR, SR 5 (8 P 1 e 4 ) 45
(GNN) iR A Al Z FHK R ), X T HARAHE],
PR A il A B IS AR, SR 5 (8 P L AR S
T E AR A AN AMS A5 R E A H (4 1 T
PeAE, I HE AR EREE, X6 T 1P & 44T TR 4
RECE S, i i SR R R SR AT R S
B, 2R ST B T AR o A AR B A R

2% S BT 98 96 500 Jin Xu, Jingbo Zhou, Yongpo Jia,
Jian Li, Hui Xiong:;"Graph Neural Network Enhanced
Adaptive Model for Revenue Prediction with Alternative

Data",ICDE 2020.

DU S HE B O i 0 S SIS
KFEFIA
Langevin dynamic £ Hamiltonian Monte Carlo jX &
BT ISR RIS SRR RTL 2 DU g B2 T 1
FER BT, AR RIS R 2 TR Z Y .
Bl AT AR minibatch  ESRALG Y BEALRE ERACE .
T BERLRE EE TR Y 7 22, Dubey 2 A [2016] K AR
7 22 98 B R T BEAILES T Langevin dynamics, Jf:
RIS T B FISEES B Edt. 2RSS T 0T
7 e O SR RS T 580 U7 2 Y Langevin
dynamics A5l ARTS T B4 B9 BB YL BLAE SR BB, A
FEAE WD T3 22 B S R 2 R T xRy 2
(symmetric splitting scheme), 7] DAgE— 25 23 F1E 2%
B SEHR SEER Fr  AE SO B B DU S | A
TR, WD T ERDUR RS R R8T Hi > )5 22
F Langevin 5fj 327 HAA EAFHPERE
% ik 5 W %8 3 C: Zhize Li, Tianyi Zhang, Shuyu
Cheng, Jun Zhu, Jian Li. "Stochastic Gradient Hamiltonian
Monte Carlo with Variance Reduction for Bayesian

Inference", Machine Learning, 2019.
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BN EER N eSS s e SV DS S S e e e
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FUAHHR R 55 B2 ST DIAG-NRE, %7 %

B AT R A S0 MR I P W A A R Bl S A A
Ko HIF, ST R HHEbRE D pR DR A T
PRAASE BRI AT o R L 45 52 T m] 8] B A B T
TAF, DIAG-NRE AJ SEIBE 4% i ¢ HL sl i 959 0B > o
SR, MATER D KB A TR R 14 D ERC R
EEGAIE TR T A R, DIAG-NRE DUA] iR i 77 =
LI T R RERI R HR T o

3% i BLAF 5816 C: Shun Zheng, Xu Han, Yankai Lin,
Peilin Yu, Lu Chen, Ling Huang, Zhiyuan Liu, and Wei Xu.
"DIAG-NRE: A neural pattern diagnosis framework for

distantly supervised neural relation extraction", In ACL, 2019.
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% ;% B WF 58 8 3C: Shun Zheng, Wei Cao, Wei Xu,
and Jiang Bian. "Doc2EDAG: An end-to-end document-
level framework for chinese financial event extraction", In

EMNLP, 2019.
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International Conference on Autonomous Agents and
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Ta

WA SR Y AMESH R AR . SEEG 25 R, TE 07 ELAL
ar NERIE A, AT TR SB0E I R AC T HAR SR 93 2 54k )
%%, T HA ISR BT ERE A ER . X — R
Ny R ST R AT T T RS2 LA

2B RFSE#6 3 Siyuan Li, Rui Wang, Minxue Tang
and Chongjie Zhang. "Hierarchical Reinforcement Learning
with Advantage-Based Auxiliary Rewards", Advances in

Neural Information Processing Systems (NeurIPS), 2019.
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Details of
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m A, 5 N R L, ¥ 265 £
B K G B R RE. A T B B W] 4 22 2%
WA 2 4> 20 S an BEAT U, A8 PO 25 2R 19 &
(=92 R 90 et
Jin I A IR S I T i Y B R
R, m#, % H AW LLAE ImageNet % 45 £ | 1F

%':\' 35
AR IE BB AT T, SEE 199 £ 5 hn o 2R
iZ 3 B B 5% & 30 Linfeng Zhang, Zhanhong Tan,

R"EMa

KT —EBERN, Z&ik)5%k
o [AlHY,

o FE, SZER

Jiebo Song, Jingwei Chen, Chenglong Bao, Kaisheng Ma. "A
Scalable Neural Networks Framework Towards Compact and

Efficient Models", NeurIPS2019.
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BRI 5 R& T A 2 BT RN & R 3T

DR Ay 2 ) 44 3838 A7 AE Y 28000, (A A )
LI EAELG T RERR TR TR A2 (6 F Al 22 %
SR M LSRR, AT AR L s 48
M7 88 2% S 1 M 8 R 28 B AT W] RESH B PR ARGl
(adversarial attack) IR o AR 47 /2 15 1 TR
geqphe A UG BEOAR IR S HE] IR B R A5 AR XS
PLGE NS

SRS R B, AR AR 2 e AR AR 1L
NREMTER o AINBRITCTE IO S RIS T 2k
TR PRSI SV AR 058 A 25 i o

1k
)

B2, AT TN SR, AR
TR R BARAR AT RETE AR MR o IS R IR I 6
REFRIGAE BT A T, SCRME T/ NO BRI, I AR
&4k, BIMEE i lotery tickets hypothesis 15 5[] winning
tickets H-/ A2 LAME/IME AR BRI LU R AT A1 - 3%
W FTRE 2 (Al b U7 A S B 0 BEAAE He 4 AR ] s
BRI 24

2 WF 58 7% B 6 C: Shaokai Ye, Kaidi Xu, Sijia Liu,
Hao Cheng, Jan-Henrik Lambrechts, Huan Zhang, Aojun

Zhou, Kaisheng Ma, Yanzhi Wang, Xue Lin. "Adversarial

Robustness vs Model Compression, or Both?", ICCV2019.

®10° ®10% =107
35 20 4.0
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10 mm standard acc mm standard acc mm standard acc
: =93.5% =92.1% 35 = 89.3%
15
25 (inadv train: (ii)adv train: o (i)adv train:
= standard acc standard acc 25 standard acc
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E adversarial acc 1.0 adversarial acc 20 adversarial acc
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w ]
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> >
o o 2310+
n 1.5 0
o o]
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1.0 1
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% -
PlEZS RS

— MR GBI 2507V

IR > N2 AR, B Fn B TE

M. g e, WED RSB, K
D RAAENE AR, i T A 45 5 2l RR 2

TR TIERBEE LR, SCBLMZE N BB AR i
G BN, % JT1ELE VGG, ResNet, ResNeXt ZE £ fif
WZ R4, CIFAR100, ImageNet % & st FH T
FROR

iZ W 5% )% SR 18 S0 Linfeng Zhang, Jiebo Song, Anni
Gao, Jingwei Chen, Chenglong Bao, Kaisheng Ma. "Be Your
Own Teachers: Improve the Performance of Convolutional

Neural Networks via Self Distillation", ICCV2019.
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Lk UTHER BT ML A 2T S I 3 S ) BCE BUBCRIAS
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S I ASLPG,

[f] double quantization #J1#i,

F* double quantization L], & H

# of bits

AsyFPG  Acc-AsyFPG  QSVRG AsyLPG  Sparse-AsyLPGAcc-AsyLPG

RS

FEIR] gy oA s URTA

Tt 1R A R B LR LA R SR B e . eI
Sl b, IZWFTEANTTE 1A double quantization 5%
GERI MG T ¥R 2 A DA 2 AE 2 momentum f1j# &L
o ZBCRKTIE 1 & BE RN B AR S BRI L ) LA £
UENZRIER RIS N I @B E I i SRl R
GERRIEL, R T T RNRA SR S AR TR
KR E 2x-19x,

iZ R 9838 X Yue Yu, Jiaxiang Wu and Longbo
Huang. "Double Quantization for Communication-Eff icient
Distributed Optimization", Proceedings of the Thirty-third

Conference on Neural Information Processing Systems

(NeurIPS), December 2019.

%“7 —— AsyLPG
06 X --- Sparse-AsyLPG
> \ —= Acc-AsyLPG
g“5 W\ — AsyFPG

0 \

=04

s

U

co3

o]

Y

0 0.2

0

901

0 20 40 60 80
# of epochs

13



7N~ ERE

EEERA WP (R ) RSCETL (RS
SCIE A H im0 AT S I B P R 2R

A NFEABAR R A A S BCE - haz 4 A U=
B X TSR A 2 T7 R R AT BRIz IR R i B
FARA AR — MR EE G £ 72t HRE iS5
PR B AT S UG a1 15 D0 2647 2 05 B[R] 11
B BEIBE TR AR BRI H . =288,
WA E AR AL T O FRRYE IR FAEN I 2
M et B, CREERM AR . FRSE
AR I T2 T 207 e tt ERE S A, 7 (EARE
FOUEHI N, HRTE S 12U .

TREBT B S T — Pl e 2T 207
GRS IEZR . ZAEZLAE ] —Fh Bt r R
ERFHUL T RE =, BTG

R, BARXBEARYRIENTS . %A EHEeR 2 H
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AR EN, EHFEReE Lt FIE BRI 2 7 L a it 8
HE e PRI Z SRR T KGR R4
Bk, BRRREEMMA TIERE. SULEI, ZAESGLR
S IE TR B2 A PR 1 S — Python AN it
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1220 77 %At ERESE EIsATH) Numpy BRELEE, K HTT
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BRI Z T7 AT SRR L, T AR T ARk
T2 T7 AT EHER I TT 1A o

PORERTFE S 14, Yi, and Wei Xu. "PrivPy: General
and Scalable Privacy-Preserving Data Mining", Proceedings
of the 25th ACM SIGKDD International Conference on

Knowledge Discovery & Data Mining. ACM, 2019.

14



AIRZS M L5 O HERY H Bl

W 4 I 8 (Network Functions, NF) & — 5 # &

T 2 A REAF 8 L L e E AP RERY AP R R 28 B B
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Tl DT 190 2 4 Sy PO AT DA AT 45 7 P B A B [RTIt, —
A NF A VR R B R R T o 28 4 L A Rk . 5
PRl Z B B3N NE (R g >R I 2R NF EpF
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Ho AR IAENHERESE M ER&ENE, 53 Al{E
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AMSLHBET R H AR R TSz A R 2 A

Alembic 8 3

& |ConfigSchema | | NF binary | |PktTvpePrDtD
Operator ‘

Offline

For each RuleType;:

ConfigGen($7.1)
SymbolicRuIeij ,:

Library of
symbolic models
(54)

B e —————————
Keylearning » SymbolicRule ;:

($5) (Key;= SymbolicModel;

FSM Inference
using Extended L*

Online ($7.2)

If packet p match Rule1:

Ensemble E‘ :_' |

Library of
symbolic models
(from offline)

™~~~ MatchClone(Rulel)

@ Else if packet k match Rule2
»
o Rule2 | __—» MatchClone(Rule2)
an - Concrete Model
—_— .
Concrete Config for a Concrete Config

Packet Legend

| AcK > E» D -
== [A>[ra> = = =
—— —
Host A =] Ga ] Gaex] aaaa °
Internal i) o External
oRoP o>
IZ)IDW < /e PfSen_s_e_ FW TCP Accept

ANEDY - AN - e
Lra y I

SYN DROP

B, BRI RN, RGN T
2R SC, RIS AR S0, BJRBT L Sk,
AIRBSPERL =20, FIAARE SR AR
HEIHLeR:, K72 R B SR G R aefhid
NF 17 1A R A 3L

FH] Alembic, SR FTA G TV H: 1. 5
1E NF G0N B FTac A 19 NF 2 EOFF G AR 20 X Eei 4650
IETH, #RAt2MIEIERS. B 1. 2. 3. 455l ER T
Alembic ) RGEIMAE. WIZETE MM SL8e 4

% ik S OFT 4% 3 0 Soo-Jin Moon, Jeffrey HeltYifei
Yuan, Yves Bieri, Sujata Banerjee,Vyas Sekar,Wenfei
Wu,Mihalis Yannakakis,Ying Zhang. "Alembic: Automated

Model Inference for Stateful Network Functions", NSDI 2019.
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